The master regulator p53 tumor-suppressor protein through coordination of several downstream target genes and upstream transcription factors controls many pathways important for tumor suppression. While it has been reported that some of the p53's functions are microRNA-mediated, it is not known as to how many other microRNAs might contribute to the p53-mediated tumorigenesis.
Background
The p53 tumor suppressor gene has been implicated as a master regulator of genomic stability, cell cycle, apoptosis, and DNA repair [1, 2] . p53 is known to act as both transcriptional activator and repressor of expression of specific genes [3] . Studies of p53-mediated repression have shown that both genes that modulate apoptotic responses and genes that promote cell cycle progression can be repressed by p53 [4] .
MicroRNAs (miRNAs or miRs) are small non-coding RNAs typically of 21-25 nucleotides in length and reported to be involved in the regulation of a variety of biological processes, including development, cell death, cell proliferation, hematopoiesis and nervous systems patterning [5] . miRNAs enforce posttranscriptional silencing through the RNA interference pathway [6] . Currently more than 450 human miRNAs have been identified and deposited in the miRBase [7] . Computational prediction of miRNA targets reveal that each human miRNA can potentially target several genes [8, 9] , underscoring the importance of these tiny noncoding RNAs in gene regulation.
Several previous studies have identified ten positive or negative feedback loops in the p53 pathway (reviewed in [10] ). All of these networks or circuits are autoregulatory in that they are either induced by p53 activity at the transcriptional level, transcriptionally repressed by p53 or are regulated by p53-induced proteins [10] . Recently, five independent studies have shown that p53 upregulates miR-34a in response to DNA damage leading to cell cycle arrest and apoptosis [11] [12] [13] [14] [15] . In light of these reports and based on the growing evidence that microRNAs themselves act to either promote cancer or to stop cancer spread [16] [17] [18] [19] , it is reasonable to conceive that the tumor suppressor p53 might be involved in this microRNA-related network in cancer cells. In support of this, two miRNAs (miR-372 and miR-373) were found to function as oncogenes in human testicular germ cell tumors, probably by numbing the p53 pathway and thereby allowing tumorigenesis [20] . Yang et al recently suggested that analysis of microRNA regulation in the transcriptional network of the p53 gene can reveal relationships between oncogenic microRNAs and p53 [21] . We therefore sought to explore if there are other microRNAs that are components of the p53 regulatory network. In an earlier study (Kaimal and Sinha et al., unpublished) , scanning the 474 human miR-NAs for putative p53 sites, we identified 143 miRNAs that have at least one p53 site (using p53MH algorithm [22] ) and are predicted to target at least one known gene. We termed these 143 miRNAs as p53-miRs (Kaimal and Sinha et al., unpublished). In the current study, apart from correlating these putative p53-miRs with the upstream regulators and downstream targets of p53, we prioritize our predictions using (a) literature reported differentially expressed miRNAs in cancer; (b) miRNAs reported as induced or repressed following p53 activation [11] ; and (c) miRNA targets that are functionally enriched with biological processes like apoptosis, cell cycle.
Results and discussion
Prediction of p53-miRs and the target genes A significant fraction of human intergenic miRNAs are reported to possess TSS sites within 2 kb of the pre-miRNA [23] . Although it is accepted that intronic miRNAs are generally transcribed along with their host genes [24] , TSS predictions have shown them to lie predominantly in the region from -2 kb to -6 kb [23] . Hence, we limited our search space to 10 kb flanking regions of the miRNAs. Determination of exact pri-miRNA transcript lengths however is possible only through experimental work.
We used p53MH [22] , an algorithm that identifies p53responsive genes in the human and mouse genome, to identify putative p53-binding site within miRNAs (see Methods). Out of 474 human miRNAs analyzed, 227 had at least one putative p53 site (and a total of 319 p53 sites; some miRNAs have multiple p53 sites) within their flanking regions of 10 kb (Additional File 1). Of the 319 p53 sites, 5 sites were overlapping with exonic region and we did not consider these for further analysis. The 314 p53 sites (Additional File 2) occur within 10 kb flanking sequences of 223 miRNAs. We identified two p53 binding sites in mir-34a; however neither of these corresponds to the experimental validated p53 site [12] in mir-34a. This is because in the current analysis we limit the miRNA flanking sequence search space to 10 kb only while the experimentally validated p53 site in mir-34a occurs at approximately 30 kb upstream to mir-34a [12] .
To predict target genes of the 223 miRNAs, we used MAMI server [25] , which has compilation of five [8, 9, [26] [27] [28] target prediction algorithms. A recent study showed that about 82% of unique miRNA-target pairs are predicted by only a single algorithm [19] . Therefore, a combination of predictions from all algorithms might provide a much more comprehensive list of putative miRNA-target pairs than do any single prediction. 154/223 miRNAs are predicted to target at least one gene while 69/223 have no predicted targets. The 154 miRNAs mapped to 143 miR-NAs. This is because some of the miRNAs have more than one predicted hairpin precursor sequences. For example mir-135a has two predicted hairpin precursors (mir-135a-1 on chromosome 3 and mir-135a-2 on chromosome 12). The targets are however based on mir-135a only. Thus, our final set consists of 143 miRNAs; each of which has at least one p53 site and is predicted to target at least one known gene. We call these 143 miRNAs as p53-miRs. There were 12497 genes predicted as targets of these 143 p53-miRs! Assuming that most of these predicted targets are purely speculative (false positive rate of at least 4 of these algorithms was estimated to be 20-30% [29] ), we sought to integrate multiple types of data resources and explore as to what number of p53-miRs could be targeting cancer-related genes.
MicroRNAs associated with p53 upstream and downstream genes
Transcriptional networks commonly contain positiveand negative-feedback loops, which provide robustness and fine-tuning to gene programs [30, 31] . Recent studies have suggested a possible coordinated transcriptional and miRNA-mediated regulation as a recurrent motif to enhance the robustness of gene regulation in mammalian genomes [32] [33] [34] [35] . It was also reported that miRNAs predominantly target positive regulatory motifs, highly connected scaffolds and most downstream network components such as signaling transcription factors, but less frequently target negative regulatory motifs, common components of basic cellular machines and most upstream network components such as ligands [32] . Using the p53 master regulatory network as a case study, we investigated the potential crosstalk between the miR-NAs and the p53 transcriptional network itself involving transcription factors upstream and downstream to p53. At We downloaded the known upstream transcription factor (TF) regulators and downstream target TFs of p53 from the p53 KnowledgeBase [36] . For the 23 upstream regulators and 48 downstream TFs of p53, we then extracted the putative miRNA regulators using MAMI server [25] , which has compilation of five target prediction algorithms [8, 9, [26] [27] [28] . Since each of these five miRNA target prediction approaches generates an unpredictable number of false positives (an estimate puts it at 20-30% [29] ), we intersected the results to identify the genes commonly predicted by at least two of the five algorithms [8, 9, [26] [27] [28] (see Table 1 ; for a complete list, see Additional file 3). Although it is important to confirm that a miRNA is not a potential regulatory miRNA of a specific gene by using different bioinformatics algorithms [37] , there are several experimentally validated microRNA target genes that are not predicted by more than one of the current prediction algorithms. For instance the experimentally validated mir-21-PTEN miRNA-target pair [38] is not predicted by any of the five algorithms (listed in Methods and used in MAMI compilation). To overcome this, we also checked the TarBase [39] which has experimentally validated microRNA targets irrespective of the computational predictions.
Based on MAMI predictions, a total of 242 different miR-NAs suppress p53 regulators or targets. Of these, 115 (~48%) are p53-miRs ( Figure 2A ). Some of the p53-miRs (32/143; Figure 2B ) are found to exclusively target p53 upstream activators (13/143 p53-miRs; Figure 3A ) or repressors (5/143; Figure 3B ) or downstream activators (9/143; Figure 3C ) or repressors (5/143; Figure 3D ). Interestingly, many of these miRNAs have been reported as differentially expressed in various cancerous tissues or cell lines (see last column in Table 1 ).
miRNAs upstream and downstream to p53: coherent and incoherent circuits
If there is a common upstream TF that regulates both the miRNA and its target gene, ideally, the transcription of the miRNAs and their targets should be oppositely regulated by this common upstream TF. For example, p53 which is known to repress the transcription of IER3 [40] may simultaneously activate the transcription of mir-142 (predicted to target IER3) that may further inhibit IER3 posttranscriptionally. This is a coherent model for all downstream targets that are repressed by p53. Previous genome-scale studies have in fact shown that predicted target transcripts of several tissue-specific miRNAs tend to be expressed at a lower level in tissues where the miRNAs are expressed [41, 42] .
Alternately, a common TF (p53 in this case) can activate a downstream target gene and also a miRNA which then suppresses the downstream target gene. A well known example is the experimentally confirmed microregulatory network comprising miR-17-5p and E2F1 -both of which are transcriptionally activated by c-Myc in human cells [43] . We report a similar example of mir-122a, a putative p53-miR suppressing CCNG1, a downstream target of p53. CCNG1 is a known transcriptional target (activator) of the p53 tumor suppressor protein [44] and it was recently reported that mir-122a (predicted as p53-miR in our anal- ysis) has an inverse correlation with cyclin G1 expression in primary liver carcinomas [45] . In other words, p53 activates CCNG1 and also mir-122a which in turn suppresses CCNG1. This is an incoherent model. Adding to this complexity further, it is also reported that CCNG1 negatively regulates the stabilization of p53 in a possible negative feedback loop [46] ( Figure 4A ). Thus, the regulatory network wherein p53 activates a downstream target and a miR (which target the downstream target) simultaneously appears "inefficient". However, feedforward loops have the potential to provide temporal control, because expression of the ultimate target may depend on the accumula-tion of adequate levels of master regulator and the secondary regulators [47] . Therefore, if we consider a sequential gap in the activation time of the target genes and the miRNA, then this downstream p53-gene and p53-miR regulation appears coherent. Feedforward loops may provide a form of multistep ultrasensitivity [48] , as any deviation from the p53's steady state would drive the downstream targets and miRNA (p53-miR) away from their steady states in the same direction. p53-miRs could therefore tune the production rate of the downstream p53 target gene opposite to the direction of p53's fluctuation. Such noise buffering probably helps to maintain target Table 1 : p53-miRs (microRNAs which have a conserved p53 binding site in their flanking 10 kb genomic sequence) which putatively target known transcription factors that are either upstream or downstream to p53 network (based on p53 knowledge base [36] ) (A: activator; R: Repressor; U: uncharacterized). Only those targets are shown that are predicted as miRNA targets by 2 or more than two algorithms. miRNAs that are in bold represent miRNAs induced more than 1.5 fold (p < 0.05) after p53 activation [11] . The last column indicates whether a miRNA has been reported in literature as differentially expressed in cancer or cancer cell lines.
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Heat map representation of p53-miRs and their target genes relative to the p53 network protein homeostasis and ensures more uniform expression [49] of the p53 downstream target genes within a cell population. Additionally, since the level of p53-miR defines the p53 downstream target's translation rate, their coexpression may allow p53-miR to fine-tune the downstream target's steady state. Thus, p53-miRs acting on p53 downstream targets could significantly shorten the response delay, leading to more effective noise buffering, as well as precise definition and maintenance of steady states.
We found two entries in TarBase (database of experimentally validated microRNA target genes) [39] which are relevant and could be interesting to p53 network (a) mir-127 targeting BCL6 [50] , an upstream repressor of p53 [51] ( Figure 4B ) and (b) mir-106a reported to suppress RB1 [52] . A previous study has shown that mir-106a is induced more than 1.5 fold (p < 0.05) after p53 activation [11] . p53 is known to suppress RB1 transcription through inhibition of the basal promoter activity [53] . Additionally, posttranscriptionally, p53 might suppress RB1 further by inducing mir-106a, a known suppressor of RB1 ( Figure  4C ).
As a master transcriptional regulator, p53 is also known to trans-repress genes including those affecting signaling pathways such as cell proliferation, apoptosis and cytoskeleton organization [54, 55] . Although, the mechanism(s) of repression is often unclear and may not be dependent on site-specific DNA-binding activity [54] [55] [56] [57] , the responsiveness of some genes to p53 can be indirect in that target genes (transactivated or transrepressed) might be other transcription factors [55, 58] or microRNAs, which then modulate downstream responses to p53 signaling. We, therefore, hypothesize that in case of p53 downstream targets, the foremost activated positive feedback in a coupled feedback circuit can rapidly induce the "on" state transition of the signaling system (p53 activating downstream target genes), and that then another delayed positive feedback (p53 suppressing miRNAs that target p53 downstream target genes) robustly maintains this "on" state. Finally, the most delayed negative feedback reinstates the system in the original "off " state, preventing any further excessive response specific to the applied stimulus.
Loss of p53 expression in some tumors has also been shown to occur through inhibition of transcription of the p53 gene itself [51, 59, 60] . For example, mir-31, one of the p53-miRs predicted to suppress the upstream activator (YY1) of p53, is reported to be upregulated in colorectal cancer [61] . Shalgi et al recently reported that the extent of miR mediated regulation varies extensively among different genes, some of which, especially those who serve as
Heat map representation of p53-miRs and their target genes relative to the p53 network regulators themselves, are subject to enhanced miRNAbased silencing [34] .
p53-miR target genes -functional over-representation analysis
Functional over-representation analysis was performed to objectively identify biological processes potentially affected by p53-miR target genes. Specifically, the percentage of p53-miR target genes with a given gene ontology (GO) annotation was compared with the percentage of whole miRNA-target genes genome-wide with the same annotation. A significant p value (p < 0.05) indicates that the observed percentage of p53-miR target genes with a given annotation could not likely occur by chance given the frequency of whole miRNA-target genes genome-wide with the same annotation. MAMI predicted target genes for the 143 p53-miRs were 12497. We used DAVID [62] , and our in-house developed ToppGene server [63] for the functional enrichment analysis. Since apoptosis and growth arrest are common known consequences of p53 activation, we also tested whether p53-miRs tend to target apoptotic and cell proliferation related genes. Interestingly, the enrichment analysis revealed that while cell cycle regulation (p = 8.41E-4) was among the top in the p53-miR targets functional enrichment (p < 0.05), apoptosis was not significant. The other significantly enriched GO terms include transcription, vesicle-mediated transport, intracellular signaling cascade and cellular metabolism (Additional File 4). Interestingly, vesicle-mediated transport (p = 3.9 E-6) and endocytosis (p = 5.1 E-4) were specifically enriched in cancer-associated p53-miR target genes. Abnormal expression or mutation of endocytosis proteins has been reported in human cancers [64] [65] [66] . The possibility of harnessing the endocytic machinery to cancer through miRNAs could offer viable and promising leads in cancer therapy.
We extended p53-miR target gene functional enrichment analysis further to identify specific p53-miRs that significantly target apoptotic and cell proliferation genes (see Tables 2 and 3 for a list of top 25 p53-miRs and their target apoptotic and cell proliferation genes respectively). There was an overlap of 10 p53-miRs (mir-181c, mir-200a, mir-200b, mir-19b, mir-101, mir-106a, mir-142-3p, mir-195, mir-124a and mir-24) between these two groups. Earlier studies have shown that mir-23 is indeed critical for cell proliferation [67] . A recent study also implicated mir-23a, mir-24 and mir-195 in cardiac hypertrophy and reported that these miRNAs were regulated in response to stress signaling in the heart [68] . The Additional File 4 enlists the other functional categories significantly enriched within the putative p53-miR targets. It is to be noted that 18/25 (72%) apoptotic p53-miRs and 22/25 (88%) cell proliferation p53-miRs have been reported in literature as differentially regulated in various cancerous tissues or cancer cell lines (see last columns in Tables 2 and 3 ).
Another interesting model is SIRT1-mir-34a-p53; SIRT1 is known to inhibit p53-mediated apoptosis by attenuation of the transcriptional activation potential of p53 primarily through deacetylation of p53 [69] . Several recent studies have shown that p53 activates mir-34a. A speculative model ( Figure 4D ) therefore is, in normal state mir-34a, a known p53-miR, suppresses SIRT1 (which is known to suppress p53) balancing the SIRT1-mediated transcriptional repression of p53. However, during tumorigenesis, increased levels of SIRT1 will suppress p53 triggering further suppression of p53 downstream mir-34a in a feedback loop. Examples of such models may have potential implications for cancer therapy. For example, combining DNA damage drugs (since p53 is strongly activated in response to DNA damage), SIRT1-mediated deacetylase inhibitors, and mir-34a activation (with "agomiR") may have synergistic effects in cancer therapy for maximally activating p53.
p53-miR and p53 protein interaction networks
Since the functional state of a protein-protein interaction network depends on gene expression, a fundamental question is what relationships exist between protein interaction network and gene regulation [70] . Liang and Li in their recent study of evidence for global correlation between microRNA repression and protein-protein interactions reported that interacting proteins tend to share more microRNA target-site types than random pairs [70] .
In the current study, using the known p53-interactants, we calculated the probability of p53-miRs regulating the p53 interactants. We mined the BioGRID database [71] , and currently there are 141 known interactants of p53. Surprisingly, 114 of these 141 p53-interactants were predicted to be regulated by p53-miRs and were shown to be statistically significant (p = 1.41e-21) (see Additional File 5 for details). Using the known data of miRNAs induced or repressed following p53 activation [11] , we further filtered the p53-miRs that could be associated with the p53 interactome. Figures 5 and 6 show the p53 interactome along with the putative p53-miR regulators that are shown to be induced or repressed [11] respectively following the activation of p53.
Conclusion
In conclusion, our bioinformatic-based analysis yielded several putative regulatory circuits that involve p53 and microRNAs along with their target genes. Although these predicted networks need to be experimentally validated to ascertain a bona fide regulatory relationship, it is still exciting to speculate that these p53-miRs may be critical to tumorigenesis through their regulation of the p53 master regulatory network. We strongly believe that our results substantially expand the hitherto little known repertoire of miRNAs in p53 regulatory network. It can be anticipated that further characterization of our predicted p53-miRs and their target genes will improve our understanding of the underlying processes of cancer, tumorigenesis, and ultimately impact response to therapy.
Methods

Human miRNA genomic analysis
The human miRNAs analyzed in this study (474 in total) were derived from the miRNA registry release 9.2 (May 2007; Genome Assembly NCBI-36 [72] ). The genomic sequences, including 10 kb flanking sequences 5' and 3' for each of the miRNAs, were downloaded using Table  Browser from the UCSC Golden Path [73] .
Out of a total 474 human miRNAs analyzed, 100 microR-NAs were part of a cluster (2 or more miRNAs occurring together on the genome). In all, there were 100 miRNAs organized into 37 clusters (see Additional Files 6 and 7 for details). The cluster definitions were based on those defined by Yu et al [74] . The nearest neighboring gene information (gene name, distance from the nearest miRNA, orientation with respect to the host or neighboring gene) for each of the miRNA was extracted from the public database RefFlat provided by the UCSC Golden Path [73] .
Screening miRNA genomic sequences for p53 binding sites
The genomic sequences (10 kb flanking region, 5' and 3') of the 474 human miRNAs were scanned for potential p53-binding motifs using the p53MH algorithm [22] . Briefly, p53-binds to a specific sequence comprised of two decamers (RRRCWWGYYY) separated by 0-13 bp [75] . Nearly all established human response element sequences (REs) have at least one mismatch in this degenerate sequence [55] . The computer algorithm p53MH identifies potential p53-binding sites by a scoring system based on the percentage of similarity to a consensus sequence. We set the parameter conditions to include the following restrictions: (i) a p53MH score ≥ 85%, and (ii) the spacer between the 10-bp motifs is ≤ 4 bp. Although p53 is known to bind to sites with a spacer as high as 13 bp [75] , for the current analysis we considered 4 bp spacer as the maximum limit because majority of the validated p53 binding sites are reported to have a spacer less than 4 bp (see Additional Files 1 and 2 for the putative p53-miR distribution).
p53 upstream and downstream activators and repressors
The group of TFs that act upstream to p53 either as activators or repressors and the p53 target genes involved in specific p53 downstream effects (activator or repressor) were downloaded from the compiled and curated dataset of the p53 knowledge-base [36] . We also mined the BioGRID database [71] for all known p53 interactants.
p53-miR targets
We used MAMI [25] to download the predicted targets for the p53-miRs. MAMI has a compilation of target prediction tools, DIANA-microT (version 5/05) [26] , miRanda (version 4/06) [8] , TargetScanS (version 4/05) [9] , miRtarget (version 3/06) [28] and PicTar (version 5/05) [27] . The miRNAs are based on miRs registry version 8.1 (5/ 06).
Functional annotation and prioritization of p53-miRs
To annotate the p53-miRs and to identify/prioritize p53-miRs that might have potential implications in tumorigenesis we performed functional enrichment analysis and also intersected our predictions with cancer-associated miRNAs. Specifically, we used (a) literature reported differentially expressed miRNAs in cancer; (b) miRNAs reported as induced or repressed following p53 activation; and (c) miRNA targets that were functionally enriched with biological processes like apoptosis, cell cycle, etc.
Known tumor suppressor and oncogenic microRNAs
We manually compiled the list of microRNAs that were reported in literature as differentially expressed (up-or down-regulated) in various cancers in human (Additional File 8).
miRNAs induced or repressed following p53 activation
We intersected our predicted p53-miRs with the data from Tarasov et al [11] to identify potential p53 induced/ repressed miRNAs. Following a genome-wide screen for microRNAs regulated by the transcription factor encoded ACTN1, ACVR1, ARHGEF6, ATG5,  BCL2, BCL2L11, BCL6, BDNF, BECN1, BIRC6,  BNIP3L, CASP3, CLCF1, CUL2, EBAG9,  ELMO1, FOXO3A, FXR1, GAS2, GCLC,  HSPA5, IFI16, IFNG, IHPK3, IL1A, JAG2 
18/25 apoptotic p53-miRs have been reported in literature as differentially regulated in various cancerous tissues or cancer cell lines (see last column). The p-values represent the probability of a p53-miR targeting an apoptotic gene purely by chance. (Continued)
hsa- miR-19b  715  34  ACTN1, BAG5, BCL3, CASP8, CSE1L, CUL5,  DLX1, FASTK, GULP1, HIF1A, HIP1, IGF1,  IGFBP3, MAEA, MAP3K1, NGFRAP1, PIK3CA,  PRKAA1, PTK2B, RAF1, RHOB, RYBP, SGK,  SGPP1, SLC25A6, SOCS3, SPHK2, SULF1,  TESK2, TIA1, TIMP3, TNFRSF12A, TP53INP1, by the p53 tumor suppressor gene, the authors reported that after p53-activation the abundance of thirty-four miRNAs was significantly increased, whereas sixteen miR-NAs were suppressed [11] .
p53-miR target genes -Functional enrichment
Functional over-representation analysis was performed to objectively identify biological processes potentially affected by p53-miR target genes. Specifically, the percentage of p53-miR target genes with a given gene ontology (GO) or pathway annotation was compared with the percentage of all miRNA-target genes genome-wide with the same annotation. A significant p value (p < 0.05) indicates that the observed percentage of p53-miR target genes with a given annotation could not likely occur by chance given the frequency of miRNA-target genes genome-wide with the same annotation. For functional enrichment analysis, we used DAVID [62] and ToppGene [63] .
p53-miR and p53-interactant gene networks
p53-miR and p53-interactant gene networks were generated using aiSee [76] with force-directed layouts. The GDL (Graphics Description Language) files, generated by a locally-implemented JAVA GDL library, were used as input to aiSee to create SVG (Scalable Vector Graphics) network graphs. The p53-related interactions were downloaded from BioGRID [71] .
p53 interactome along with the putative miR regulators that are shown to be induced following the activation of p53 [11] Figure 5 p53 interactome along with the putative miR regulators that are shown to be induced following the activation of p53 [11] . miR-NAs are represented by yellow ellipses, target genes are represented by green boxes. p53 is represented in the center as blue circle. Induction of the miRNAs by p53 is represented by directed red lines. Negative regulation of the target genes by miRNAs are represented by dark grey lines. The protein interactions are represented by undirected light blue lines. Networks (using force-directed layouts) were generated using aiSee [76] network visualization software.
Statistical methods
Fisher's exact test was used to calculate a p-value estimating the probability that a particular category of miRNAs is associated with a particular pattern or cluster of miRs more than would be expected by chance. Fisher's exact test was performed online at the MATFORSK [77] . For testing the functional enrichment of p53-miR target genes, DAVID [62] and ToppGene server [63] were used. For statistical analysis, the programming language and statistical environment R [78] were used.
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Additional File 1
Systematic break-down of the putative p53-regulated miRNAs (p53-miRs). Schematic classification of putative p53 sites and p53-miRs based on the miRNA types (intragenic or intergenic). Click here for file [http://www.biomedcentral.com/content/supplementary/1471-2164-9-88-S1.pdf] p53 interactome along with the putative miR regulators that are shown to be repressed following the activation of p53 [11] Figure 6 p53 interactome along with the putative miR regulators that are shown to be repressed following the activation of p53 [11] . miRNAs are represented by yellow ellipses, target genes are represented by green boxes. p53 is represented in the center as blue circle. Induction of the miRNAs by p53 is represented by directed red lines. Negative regulation of the target genes by miRNAs are represented by dark grey lines. The protein interactions are represented by undirected light blue lines. Networks (using force-directed layouts) were generated using aiSee [76] network visualization software.
